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1.Product suggestion analysis
2.Fraud detection

3.Social media analytics
4.0Opinion mining

5.Feature extraction
6.Sentiment

7 Predictive

8.Trend analysis
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1.Business intelligence
2.Decision Support System (DSS)
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l.Information wtrieval (IR)
2.Information Retrieval (IR)
3.Data mining

4.Anomalies

5.Text categorization
6.Text clustering

7.Entity relation modelling
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1.Cross industry standard process for data mining
2.Sample, explore, modify, model, and assess
3.Information retrieval

4.Information processing

S.Information integration

6.Tokenization

7.Stop word removal

8.Stemming
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1.Bag of words

2.Vector space document

3.Topic discovery

4.Topic extraction

5.0n-Line Data Processing (OLAP)
6.Customer Relationship Management (CRM)
7.Decision Support Systems (DSS)
8.Geographic Information Systems (GIS)
9.(Big) data analytics

1 .Web analytics 0

1 .Network analytics 1
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1.Text Mining
2.Business Intelligence
3.Clustering

4.Term Frequency
5.Classification
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1.Crawler

2.JavaScript object notation
3.Keywords

4.String
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1.Natural Language Processing (NLP)
2.Information Retrieval (IR)
3.Unstructured text data
4.Tokenization

5.Stop-word

6.Stemming

7.Words

8.Terms

9.Symbols

1 .Tokens 0

1 .Lower case
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2.Information gain
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2.Decision tree
3.K-nearest neighbors
4.Naive bayes
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1.Business intelligence tools and visualization
2.0rganizational behavior

3.Process management

4.Decision support system

5.Leadership

6.Text mining
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Abstract: In recent years, the volume of data and information exchanged over web
pages, social networks, emails, and blogs is increasing. Most of the information that is
exchanged and stored is in text format, which is very valuable given the huge amount
of text data that is analyzed and discovered from these data. Text mining is one of the
most important methods to extract knowledge from structured data which help
organizations to achieve their goals. These days most of products like books purchased
via internet or online. So that customers need dedicated information to make the
decision to buy products more intelligently and smartly. Amazon is one of trading
website which give related information to their customer for online buying. One of
problem for these method for buying books is subcategory of books is not cleared which
customer may buy unwanted books. In this research we tried to present predicting
model to predict topic related to Business Intelligence by using text mining methods.
Results show that Business Intelligence tools and visualization, behavioral
organization, process management, decision support system, leadership, text mining
and database are seven clusters which related to Business Intelligence.
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Data
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